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Estimation of Sound Scape for Landmarks of

Kyoto using Web data*

Ryo Takeuchi

Abstract

In recent years, the spread of Internet services has made it possible to access
information on various places. However, the information obtained from the In-
ternet is usually limited to visual information.In order to know the atmosphere
of the place, information on auditory, olfactory, etc. other than visual is also
necessary.Such information is useful when you want to know the environment of
a place beforehand, such as sightseeing or moving. Therefore, in this research,
we aim to estimate environmental sound (sound that can be heard in a spe-
cific place space) using Web data. Web data used in this research is Twitter,
Foursquare, Flickr, Aerial photograph. From these Web data, Twitter can get
a topic of people in places, Foursquare can get the function and features of
places, Flickr can get a topic of people via visual information in places, Aerial
photographs can get the features and features of places based on visual infor-
mation.First, it divided into four kinds of environmental sounds such as the
sounds of natural objects of water and wind (Nature), sounds of living things
such as insects and birds (Animal), sounds emitted by transportation (Vehicle),
and human sounds (People). After that, we surveyed from the crowdsourcing
questionnaire about how much environmental sound is heard (objective sound)
on the spot, or whether it feels uncomfortable (subjective sound), a data set
was constructed. After constructing a regression model after selecting variables
using the stepwise method from the above data, we examined the relationship

between psychological volume and social media from the results. As a test of

*Master’s Thesis, Department of Information Science, Graduate School of Information Science,
Nara Institute of Science and Technology, March 8, 2019.
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the model, the learning data and the test data were divided into 9: 1 ran-
dom divisions and tests were repeated ten times to obtain the average value of
each R?.From the results, in “Vehicle”, “People”, R? was able to obtain a high
conformity rate of about 0.7 for both subjective sound and objective sound, sug-
gesting possibility of estimation. From the results, in “Vehicle”, “People”, R?
was able to obtain a high conformity rate of about 0.7 for both subjective sound
and objective sound, suggesting possibility of estimation. On the other hand, in
“Nature” and “Animal”, both subjective sounds and objective sounds suggested
the necessity of improving the method from the compliance rate, which is as

low as about 0.3 for R2.
Keywords:

Soundscape, Environmental sound estimation, Twitter, Foursquare, Flickr
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ENHALN, BRYNZEET BIENL 2 5I1EEZ DD People D EBEEED
HWRBAREENH B, FTDOMTIE, TWH ] REFIH E2RTHGENA SN, People
DEBEERICFUTCH LS DEEZRT ANLZNWIZDIZZID XD BIERIZHR -7
¢#& % %. People @IE%EU%Q &= TlX Vehicle & [ARRIZ FBIE ST E L FBHIR S =
THIERLUTASNZHIEICKREREN TR, FBARZTEOABTNIFHFHEOH 5

HEE iﬁﬁ%ﬁ’@%tib)ok.
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# 4.5 Twitter 1281} 2 HIEDOMHEE EA 10 4 (EBEZE)

Nature FHBE R | Animal #HBE R | Vehicle #HEd R | People #HE R
K& 0.313 | # 0.249 | O & 0.611 | O & 0.610
i 0.298 | BX 0.245 | B 0.571 | B 0.557
Ehd 0.286 | ~NTH v 0.240 | H= 0.561 | &AW 0.557
wHE 0.277 | & 0.224 | sHEEN 0.537 | &= 0.540
5] 0.271 | BE 0.221 | FE- 0.536 | &V 0.527
= 0270 | ¥avzo 0.209 | & 0.535 | §& 0.522
ATHo v 0.267 | #u 0.209 | 115 0.530 | #H 0.514
fEF AT 0.249 | 0.208 | &AW 0.524 | - 0.511
N 8k 0.249 | 0.206 | 0.519 | &S 0.511
ARY ¥ )b 0.239 | 72\ 0.203 | B 0.516 | VW5 0.509
4.6 Twitter (1281 2 HFEDME LA 10 f (EBAIREE)
Nature #HES R | Animal FHBY R | Vehicle  fHBH R | People #HBI R
i 0.336 | # 0.263 | O & 0.616 | O & 0.620
| 0.336 | N7 Yo~ 0.259 | B 0.588 | &AW 0.571
ANTHa v 0.334 | x4k 0244 | /= 0.568 | B\ 0.553
@ 0.333 | MR 0.243 | AW 0.543 | A& 0.543
K& 0.331 | s 0.241 | a—F— 0.541 | P&fE 0.531
(E=aiidin 0.325 | &< 0.240 | FE- 0.531 | & 0.528
R gk 0.325 | & 0.239 | # 0.528 | B 0.517
52| 0.316 | &# 0.237 | sEEEN 0.528 | FE- 0.515
pde 0314 | B&»- 0.231 | #@ 0.525 0.504
ARY ¥ )V 0.313 | =#id 0.227 | B 0.524 | VW5 0.503

14



4.1.3 Foursquare

BIEST -2y POEDOZDIZHWEZT VY R —=21220WT, TNETNDH
% 500m AN D fliat & T NTNDREHANDF = v 71 VEERFG L. 512, fi
BRILIZTF v /A VBERES T Xty bOMHBEZ KD, ok E, TNF
NAHBEDS BN E D 10 2 FH U7z, #RE2R 4.7, £ 481TRT.

% 4.7 &0, Nature D EBEFRETIE [College Gym], [College Lab] 7 & d

FUITBE L 72 ik e &, JRWEMDP BB PR oz, THIFAPNEEL T
B67, BEPOSUEHTHL27-2OHRDENE I ZXT < Lo TWVWAHHHA
HBLEZDL. RITEFEEHZIDHK S IETH S THealth Food Store] %% =
k9% [Fraternity Housel, H#xHIZBEME U 7z ffizk Bike Rental / Bike Share],
[Cycle Studio] 23 EALIZR 67z, T35 OfERITEIEH )P S#EN 72 5T IR S
NAMEAD D D725, ZDEIHERIZR-7-2EZ NS, RIZ, EBHREE

TIEHEF—IVZEKT S [Music Venuel, KFIZEME L 7Zftiik TH 5 [College
Administrative Building] 7 & FBEZFE L FE U L 5 IZ/AWZEM A BERIEHR 1 Z
KALNTZ.

Animal O EB{EH R TIX, [Castle] X [Farm| R EEMNL LR, b T
W53 & D RiE A EALIZ A S 7z, Nature & FIBRIZ TMusic Venuel), K221 ’555\_
U7 TdH 5 [College Administrative Building] 7 &AW Z2 ] A3 0 873 il 7%

%< Aoz, EBHIREE T, lnternet Cafel ¥ [Karaoke Bar] @t%ﬁﬁ?

ZBERE T BEI D D DR D A S Nz, T IVXERANE DI B M SN © Tk A
TAREDEHWNL S ER L TWEZOHTIZRWHLEZX SN,

Vehicle O £8FE &8 TIEEERE % EKT 5 [Sake Bar] X ETELM % EET
% [Candy Storel, VAN Z ViR EDMEMEN LA Z HOTW ., ZhiE, SREHE
DERE L - U T ADRNAIAL <220, FERMIZZBEEDOEE KE< R D7
STRZVWhEEZS., THAIKLSECRIEESELAUSHKAEN L G5
FEHIZ R o 7.

People Tld B FE L&, TEEIRE EILIZ Vehicle & [ARIZHEEID LA 10 %
REIENZ < G BFEHIT 7&071.
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7 4.7 Foursquare IZH 1T B ek DM AL 10 4 (EBIEF&E)

Nature #HE8 R | Animal HMIE R
Health Food Store 0.320 | Castle 0.244
Fraternity House 0.300 | Martial Arts Dojo 0.222
Bike Rental / Bike Share ~ 0.297 | Farm 0.221
College Gym 0.288 | Wagashi Place 0.218
Nabe Restaurant 0.288 | College Gym 0.211
College Lab 0.272 | Nabe Restaurant 0.207
Cycle Studio 0.263 | College Lab 0.205
Wine Shop 0.262 | Bridge 0.204
Souvenir Shop 0.254 | Fried Chicken Joint 0.203
Wagashi Place 0.249 | Music Venue 0.203
Vehicle FHBE R | People tHEE R
Sake Bar 0.648 | Sake Bar 0.624
Health & Beauty Service 0.619 | Candy Store 0.599
French Restaurant 0.610 | Health & Beauty Service  0.596
Japanese Restaurant 0.610 | Italian Restaurant 0.585
Italian Restaurant 0.602 | Japanese Restaurant 0.585
Candy Store 0.602 | French Restaurant 0.581
Speakeasy 0.598 | Cosmetics Shop 0.566
Mobile Phone Shop 0.588 | BBQ Joint 0.559
BBQ Joint 0.581 | Nail Salon 0.546
Coffee Shop 0.568 | Mobile Phone Shop 0.543
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# 4.8 Foursquare \ZB 1T B HEXOMHBE LA 10 4 (FBIAIRE =)

Nature tHB R | Animal FIEE R
Music Venue 0.308 | Auto Workshop 0.248
Food Stand 0.306 | Bank 0.246
Nabe Restaurant 0.280 | Internet Cafe 0.243
Bath House 0.271 | Nabe Restaurant 0.242
Piercing Parlor 0.270 | Wine Shop 0.238
Lawyer 0.270 | Bus Stop 0.237
Health Food Store 0.265 | Community College 0.233
Astrologer 0.264 | Health Food Store 0.232
Internet Cafe 0.262 | Wagashi Place 0.225
College Administrative Building  0.260 | Karaoke Bar 0.216
Vehicle FHBE R | People M R
Sake Bar 0.621 | Candy Store 0.610
French Restaurant 0.611 | Health & Beauty Service  0.592
Japanese Restaurant 0.606 | Italian Restaurant 0.595
Candy Store 0.595 | Japanese Restaurant 0.588
Italian Restaurant 0.593 | French Restaurant 0.584
BBQ Joint 0.585 | Cosmetics Shop 0.569
Coffee Shop 0.585 | BBQ Joint 0.574
Health & Beauty Service 0.584 | Nail Salon 0.567
Nail Salon 0.567 | Mobile Phone Shop 0.540
Mobile Phone Shop 0.561 | Coffee Shop 0.543
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4.1.4 Flickr

£S5 R — 27 500m AND NNy ¥ a2 X T OHBBE L BES T — X2y b
DB Z KD, ZDeE, Ny aXRZIEHBESEED 100 FEL EOH DD A% (H
AUz, ZNZTNMHER EMAOS D 1042 H L. FEERE2K 49 &K 4.10 12

R
F 4.9 £ 4.10 &b, Nature D EBIFEF R TIIFAREZ KT Iflower], lawesome-
blossoms| % [tree] 72 & EALCHER I N7z, X512, JER%ZKT lNandscapel

M EANCHERR SN, FEHR T ETIE, FEHESELRBEONY Va2 X THRAS
NN, —H, BREBEFOREKRZED Turban] 2 EALICHEE S L7z,

RIZ, Animal @ EH{5EH & TIX Nature & FIRRIZHEAKRZ £ T flower] * lawe-
someblossoms | DRI N7z, X 512, Ttraditional ] ®<FR EIZHWS N5 [bud-
hist] DNy ¥ a X TR EAIZHERI NG Z &9 5 FNRL WHIIK TIXHARL S W E
MADHEEFEZDL. FBIREETEFBEZTELAKRD N Y ¥ 2 X THE R
Sh, TFEMREERAOMEN MRS N o7k,

Vehicle O F@{E & &, HRFLIC, PEETRZEKRT S TK] *— ADKIT

Bk 5 THBRIT) X ltrip) 73(‘:@$ EDOBIAED L K ADTRNDEL W
Fﬁ’i’ BT 5LEZ5. X617, Imatsuri] REABLSEEFLA XY MIETS
Ny T aRTE IR I N,

People TlXEBEH &, FIREILIZ Vehicle & FD N Y ¥ 2 X T PREL S fERE

1, People & Vehicle DERIXIFE A CHERI NN o 72,
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#£4.9 Flickr 28351y a 7 OME A 10 (FBESE)

Nature #HES R | Animal HMIE R
flower 0.234 | awesomeblossoms  0.267
awesomeblossoms 0.228 | summer 0.225
tree 0.225 | urban 0.220
summer 0.218 | traditional 0.213
landscape 0.204 | flower 0.213
food 0.199 | buddhist 0.210
buddhist 0.186 | culture 0.204
culture 0.165 | vacation 0.169
autumnleaves 0.163 | travel 0.155
XAk 0.154 | night 0.155
Vehicle FHES R | People FHEE R
culture 0.567 | culture 0.537
7 — b 0.542 | 77— % 0.529
i lU) 0.51 | @D 0.483
trip 0.496 | trip 0.464
matsuri 0.483 | autumn 0.461
autumn 0.467 | HA 0.456
asian 0.456 | matsuri 0.451
K 0.426 | spring 0.416
ER)iE) 0.388 | HBIRIT 0.408
water 0.386 | #& 0.389
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# 4.10 Flickr 285Ny v a X7 OME EAM 10 4 (845 R)

Nature #HES R | Animal HMIE R
awesomeblossoms 0.347 | awesomeblossoms  0.267
sumier 0.327 | summer 0.225
tree 0.325 | urban 0.220
traditional 0.314 | traditional 0.213
culture 0.305 | flower 0.213
flower 0.292 | buddhist 0.21
urban 0.264 | culture 0.204
buddhist 0.254 | vacation 0.169
vacation 0.253 | travel 0.155
XAk 0.227 | night 0.155
Vehicle FHES R | People FHEE R
culture 0.556 | culture 0.533
7 — b 0.524 | 77— % 0.526
i lU) 0.473 | @D 0.473
asian 0.453 | trip 0.479
matsuri 0.446 | matsuri 0.449
autumn 0.442 | spring 0.421
buddhist 0.404 | HBIRIT 0.441
H Bk T 0.396 | asian 0.387
Zi 0.390 | & 0.391
snapshot 0.374 | water 0.389

4.1.5 MEEE

HiED 315 DFEEZHAVWTEES T — 22y NOHEDZHDIZHWEZT VR
—27%pLE U1 ¥ km OMBEED»S R;, G;, B; #ZBfEL7=. 7K



X—0 DR, Gy B EEEGET—Xty beOMBEER AL 2K 41212
KT, REOHZEEED RGB fEIX Nature, Animal TIZEBAIRERIZVT IO
RGB ffid —0.1 f2, FBIFEEETIX 0.1 F2E, Vehicle, People TIZEBIAIRE
B, FEFEEEILCHEED 0.3~04 2 WINHEWEZ R L 7.

#4.11 RGBHEIZE T HHB (E#EEE)

Nature | Animal | Vehicle | People

R | -0.176 | -0.118 0.373 0.294
G| -0.197 | -0.166 0.310 0.228
B | -0.198 | -0.166 0.419 0.318

#4.12 RGBHIZB T 2B (FBIHREE)

Nature | Animal | Vehicle | People
0.151 0.115 0.362 0.289
0.099 0.038 0.290 0.212

B 0.143 0.052 0.394 | 0.297

Q X

4.2 RATv T4 HRICE BEHEIR

HIEICRBA L 72K 4.1 OMELZ FAWT, 3.2 8D HIEIC X 0 ZBGERZT- 7=,
BEEECTAT Yy T A RRIZ X o TRDF-EHA, Web 7— X OFEE, HA, H
Fridsk 4.13, £ 4.14, £ 4.15, £ 4.16 1TRT.

Nature O EBEEZEIZDOWTIE, Twitter TIXEAYIPZMHIIH U THW ST
5 M) WS BEERA SNz, —T5, TE) » THE] EOaR L FBEFRZ <
BZBHFESALNTZ. IRIZ, Flickr Tl lawesomeblossoms |, [tree] & HAiE%
KT HENA SNz, IRIZ, Foursquare Tk [Health Food Storel, lCollege Lab
1 DA oNTz, THIFEWZEMABE, H UIEHRICHLUTWS BEND 5 E
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Thd. HMEGEETIIROLIVHAREIIRENDHLIL2Ho6DL TS, FHl
IR R TlE, Twitter IZERICEART 2 ) Ad Sbizhy, EEEEE L FK
W IATHr Y], TARY YV CHREIGBEFRRS BRI HFEEALONZ. 20
Zeh 5, Twitter H* & Nature (ZBH# T 2 EEDOHH B L W 23005, Ik
12, Flickr TIXEfE% KT HEE Tawesomeblossoms | OMZ Tsummer] 23% 5 b
N, HARZOHEDL U XIZIXEHHPBEE L TWA A ReMEH»NH 5. iIZ, Foursquare T
X EBFEZTETE A SN2 [Health Food Store| > KF#IZEM U 72 iz Dfliz, %
HEHIZIEHFE VD ASONBRVWERZEKT S [Food Stand | » 8% % Ek 9 5 Bath
House| & DA LNTZ.

IZ, Animal ® E#5EE & TlE Twitter (X Nature & [@FRIZ T8 23A 507

W, L], Tyay s R EARCIZBERZCEX L HEED A SN, IRIZ, Flickr

TIEHRLIEESEOREKZ KD Turban] 23A 617z, Foursquare (& [Castle],
rFarmJ 7 EHEYIN% K AR L T W ABERK, [College Gym] X [College Lab] 72 &

RS B IR WEMPBER A ANz, EERAIRE R TIE, #UE»BE
%b’(b\%%ﬁ'ﬁc‘iﬁgﬁ‘ﬁ‘%) 7= T8, ['5.] A 57z, Foursquare @ [nternet
Cafe] % [Karaoke Bar] 7% EEIHEMHE 2 RNT 5 XS RBEFEN L AGN, BT A
DIGEFHERE IO LB U B EPZKEHI A 2HHEEX L TWEDTITE
EZBH. FBESE, FBHSREEHIZRGB D55 RICKESEADL L2 > TV
5N bohrb.

Vehicle O L8 ¥ 8 TI3 Twitter O T &), o], T | 72 & 5G@EREBIIC
B4 2 HEENA LN, Flickr TIX, HEEETCHRZEKRT 2 (K] »— ADRIT%
BkT 5 THBRIT], Tasian] 78 ¥ O HFEDN SBULE 1S < ADOTNDL W GFT %
BEIkd 5 & # 2 5. Foursquare Tl& Mobile Phone Shopl, [Coffee Shopl 7 &
BRIEGBIZH 5 Z D3 Witigk i EDA LNz, 512, RGB TIX GIZHLTKRE
CEDEADPPP-oTVWE I D bns. EBIIRY %TiTwﬂmfiIﬁ%a
B EFERROHFENR A O, HHIRN] RGN IEBERR BT 5 &5 2 HiED
57z, Flickr Tl Twitter I EBEE & & FARORFELR AL, KE EEM\%J}
528X TERN 572, Foursquare T EBEZTE LD L MEBIEIZHT SHE
RA LI, Twitter TEHEAYNIEE T L HGE BV Aol ehs, K
BIEVEE LG TS L DADR—DAIZEE > TW5D Z & &3 aRE 0 ¥ & JH
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DUSEL D Z WL NWZ L DENZRBRLTWD EE R 5.

12, People @ E#IFEE & Tl Vehicle &[] U< Twitter @ TFEF & ] X [H]
R ERERBIICE T A BEEN AL N, X 51T, [ R G IZBE/RR < BB
THEOIRHEIELASLNT. Flickr TlE, @D | 2 ANOFNLH 5 HK%E R T H
FEX Vehicle FRRIZBINBEVHWZ L ZEZ S5NH8EE THAR] AN, I 6T,
Foursquare 2* 5 &LV A b 5 V7 EDOERAEJE Cosmetics Shop), [Mobile Phone
Shop] % [Coffee Shop) 7 EEREAMIZZ K EHRINBIMEZR R EDRALNTZ. T H
1Z, Vehicle [A#kiZ RGB T GIZXH U TRELADEADLLR>TWVWSE I DD
5. ZTDOIero, People & Vehicle ZBDOIER DL X, 7 V7 — M d HHEEE
b?‘:@*ﬁft@*ﬁﬁﬁ“@&b%i@ 4.3 7125 People DD K E X & Vehicle DED K E

IXEERBEREDH B L EZ 5N S, People D EBIHIRE & Tl Twitter 225
rmbwijfwbo<1a& ZAHWSNE WS » Twitter DD HLGE & Mg
LTEADPKEWMEEZ KL, ZOIZ s, MOBRES & iR L T People (24}
UTROBENR T WMEANH S & FE R 5.

# 4.13 Nature

Nature (EBIFEEE) Nature (EBIFIREE)
R e T—R weight B4 T—X weight
HealthFoodStore  Foursquare  0.122 R iz 5 R 0.256
CollegeLab Foursquare  0.120 G RN -0.251
Eiid Twitter 0.112 CollegeAdministrativeBuilding Foursquare  0.227
sl Twitter 0.108 summer Flickr 0.198
e Twitter -0.093 ARY ¥l Twitter -0.128
G AN -0.059 FoodStand Foursquare  -0.098
awesomeblossoms  Flickr 0.058 awesomeblossoms Flickr 0.078
tree Flickr 0.037 BathHouse Foursquare -0.072
b= —0.57 PiercingParlor Foursquare 0.071
HealthFoodStore Foursquare 0.059
it Twitter 0.057
SYAE=M Twitter 0.048
NabeRestaurant Foursquare 0.029
b= -0.534
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#* 4.14 Animal

Animal (E#IHEERE) Animal (EBHIREE)

e T—2R weight e T—2R weight
R AN 0.445 AutoWorkshop Foursquare  -0.540
G finze5H -0.370 R finze 5 a 0.496
&l Twitter 0.182 KaraokeBar Foursquare 0.450
BHE Twitter -0.159 Bank Foursquare  0.287
CollegeLab Foursquare  0.150 B AN -0.268
B I RCEEAN -0.143 =i Twitter 0.266
Yavy Twitter 0.129 G iz 58 -0.218
CollegeGym Foursquare  0.097 BusStop Foursquare  -0.153
Castle Foursquare  0.085 InternetCafe Foursquare  0.148
WagashiPlace Foursquare 0.083 travel Flickr 0.133
Farm Foursquare 0.078 CommunityCollege Foursquare -0.112
urban Flickr 0.069 urban Flickr 0.102
vacation Flickr -0.046 ) Twitter 0.094
b= —0.500 HealthFoodStore Foursquare  0.092

BE Twitter -0.086

culture Flickr -0.067

58] Twitter 0.057

traditional Flickr 0.048

E Twitter 0.046

NabeRestaurant Foursquare 0.045

b= -0.533
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Vehicle (F#FEZE)

% 4.15 Vehicle

B T—X weight R T4 weight
G finzE5H -3.305 G finz 5 H -3.226
R finzae 5 H 1.759 R finae B H 1.859
B frizes A 1.758 B fize s H 1.500
CandyStore Foursquare 1.706 CandyStore Foursquare 1.456
HealthBeautyServic ~ Foursquare -1.319 JapaneseRestaurant  Foursquare -1.038
JapaneseRestaurant Foursquare -0.792 HealthBeautyService Foursquare -0.888
Speakeasy Foursquare  0.673 B BT Flickr -0.824
i) Twitter -0.638 ®K Flickr 0.653
CoffeeShop Foursquare  0.617 FrenchRestaurant Foursquare  0.444
H BlIAT Flickr -0.593 HE Twtter -0.337
MobilePhoneShop Foursquare  0.536 8] Twtter 0.293
HE Twitter -0.521 G Twtter 0.285
JiE > Twitter 0.234 CoffeeShop Foursquare  0.247
autumn Flickr 0.207 asian Flickr 0.224
asian Flickr 0.199 RN Twtter 0.209
~K Flickr 1.050 buddhist Flickr 0.183
b= —0.094 JiE > Twtter 0.165
autumn Flickr 0.159
snapshot Flickr -0.122
b= -0.216
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# 4.16 People

People (EB{HEE&H) People (FEHHIRE =)

R T4 weight R T4 weight
G IREEEAN -2.997 Wwo Twitter 2.975
R REEEA= 2.203 G REEEA= -2.671
CandyStore Foursquare  1.116 R fifiZe'5 A 2.284
JapaneseRestaurant ~ Foursquare -0.981 R Twitter 1.798
HealthBeautyService Foursquare -0.956 CandyStore Foursquare  0.675
B finae 5 H 0.915 B fina 5 E 0.534
CosmeticsShop Foursquare  0.463 HealthBeautyService Foursquare -0.512
HE Twitter -0.437 JapaneseRestaurant  Foursquare -0.476
ItalianRestaurant Foursquare  0.380 CosmeticsShop Foursquare  0.383
MobilePhoneShop Foursquare 0.359 NailSalon Foursquare 0.380
autumn Flickr 0.323 P Twitter -0.366
H Twitter 0.315 (AN Twitter 0.326
) Flickr 0.272 HE Twitter -0.294
culture Flickr 0.25 *® Flickr 0.269
G Twitter 0.245 =P Twitter 0.180
HAR Flickr 0.231 autumn Flickr 0.153
B Twitter 0.200 SN Flickr 0.144
b= —0.06 b=—0.157
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4.3 FHERER

AWFETIE, ETNVOEEEOMIEL LT, IFUDITHIETKRDZIT Y Ry —72
TCIMELT—2D5b 98 z2#EHT—%, 1H2T7 AT -2 LTIV
LR8N T o7z, KIT, TAMT —XEBELZRRETVAEHAL, TAME
BRI 2 LTI o 2 BICRERI R? 2 RD7z. RIZ EEOFIETT ¥ X L4y
BT A& 10 E#RDIEL, THENOPERE R? OWIE%E KD, FERIE
ARDFR 4.17 1257

F 417 FEBAER

Nature Animal Vehicle People
FHESE 0.335 0.345 0.769  0.746
FBINS & 0.313 0.343 0.739  0.682
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4.4 #=

AFITIE, ATHIOFMREZZEEL, REIZODWTIHERS.

# 4.17 £ v, Nature, Animal [Z EBIFEFE, FHASEELITIERB R? X
0.3 FEE L EK\WMEZ R L, Vehicle ® People X EBIE S &, EHEISREEILIZHRE
(B R? 23 0.7 FEE & @ \MiE &2 R U7z, Vehicle, People I3 R85 % &, FHIHISE
E1£1Z Nature, Animal DPERE R?2 D 2 fHE\WMEER L 7=,

I, V=¥ - AT T ORKREBRZTDHIZWDE NOBUIZKRESELT
5728, [FFRIZ, Vehicle X People D XS IZZDHFHIZWEANDEIZ L > TKREX
DEASNIEREZDOWERE R? PEL BoERD—DEZ NG, W
Nature, Animal ¥ ANDL I IELAIND Z VDR, ZEEDILE, HROZ
IRV EASINAEEERY =y )V - AT TIZLBHERZITO I 2H L <
FTHERNERSZDTIERVWNEEZ S, ZDOZ &E Nature & Animal DZHHE
REToZBICHR L IFEERICEZ D RENL S AONEZRKNTEH L LE X
5. LMEOHHENPSY =YL - AT 4 TUNDERZMARAD Z & THEHAERDM
LFIZBYRBHEENED D 5. HlaZETNIEHZEEE D S B ORI & ARV D I
B, EYOBEEREA VIR ERITIREEZRN T EIHEDNDHD.

PRUTER AT XV 2 TOBREE CEREER LR LU TEBHRKEETOMEER
FEFEED U IHMEWEZ R LUz, TR EBAISKEEOHTIITHEESTE LD
FIERENHE LV, b U BEBMREEOHEITIZZT DI U TOMEAME
ANDBIE R E 2B D2RBERH D L2 RBLTWS. flzXIFniE, V—Tv
Ve AT 4 TADEFEGNED S IRIGHEZ T R EREDORIEE2ZE LZET IV
EEDREMDNDHDLERD.

X5, SEEMBLEZT VT —NOEE LTT v — bOFEMEAEIToN5.
SEIEHRD TV R =2 1T 3 BREFE DRI ONVWTTY 7 — b&EZFEE L
7=H, BEHEVDEORMEEMELTT V7 — MNIEAZOPIAHTH S, itk
FIIARHANTII RSB THS7-0, KHET, FHREEZMP< 2T TETILO
WSS, FEBRZAITO MEMENDH 5.
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BEE X

AZETIE, FHEHADT Y K —2%2xf e L, Web 7— & % 72 F BB
EETINVOWEEZTo 2. KPADHRYOFRET 5 E (Nature), X HREEY
DF¥d 5% (Animal), @D T 5 (Vehicle), ARIDFET 5% (People)
D AFFHOREZIZOWT, FAHANDT Y Ry =2 2Lz, YORENHEI XS
n (EBEEE), HRICELD (EBHREE) 22798V -V V7 2BLTT
VIr—MNAEEREML, BWESE T Xy VEEELZ. £ LT, Twitter, Flickr,
Foursquare, #MiZEGE P 518727 — X 2HWZERETIVEHEL, HIRGTOHE
BT o7. BEET— Xy MINT2HEEEDOEGE LML 72 EK Tk
FHETE, EEAILEEILIZ Nature & Animal OIRERE R? 5% 0.3 FLE <‘:1'£§L\
AR 7257203, Vehicle & People IZDWTCIXEBFEE &, FHARGELIIHR
ERB R B OTRELEHVEAREZRLUEZ. 512, HIRFETNVOHMEDORIZSE
EBOERP O ZBRESOMEICEHTHEY =y - AT 4 TITHET 58
FEDMHAR Y 212 Z e BB onzd, HIRETIVATERES I3 HERE S
BRABHEEL DN OSTHE LTV, I 5RIMEELEEROBEMENRIN
2. V=% )b - AT 1 7TRMEGEED RGB ®ATIX Nature X Animal D@ &
RE LTI ENHEL WAEEEDLN D 5720, RFBFH ORI HBRYO LR, HY)
DEERLQLEMOMBIORMHAZRETTE2MBENHLLFEZD. I 61T, ETORE
TTEBESRL B L CTEBAIRXEE20HESRIIFARED U IMEWEZ R L7
2o, EREHRETEOHEICIZIZT OGN U TOMADKIEREZERET
e TCHEHBERDM LIZDRMEAEENRH L. ZDIehs, V= vb - AT«
T NDOEFENE D & BIEHEE 217 5 72 ERfaE DB 2 Z R U 7= E T IV OMED
BWNH DB EEZD.

AFETIEFEBHEADO T — X DA S EFE T IVORE LT, ERETo7-7
b, V=% - AT 4 TNOHGED S EH R S EHE OBICHIBR L 7228,
HEADATUPHENTERVARELEETE AWV, SHERELZET VAR
A DOHIRTHHEE FRENREEZ T O BEDDH D EFE RSB,
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B B

AW DEFEEEE T b 5 FPEBRHE R I, B R THRERVC I E %
B U7z HEHE D, IREEZEDPT VLI ICE, MREEEZEBATTII -
DK 0EE R L B ET. £/, TIREHETH L HRESR, BlfEEH
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